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Basic Concept
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Spectral Similarity (G1) Combination of Similarity Measures (G1C)
For each song the average spectral shape is
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shape is related to the perception of timbre.
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Optimization of the Weights
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Special precautions were taken to avoid overfitting. : 10 10 10 70 | 674 674 | 324 352 | 6.14
The best combination was evaluated using 2 10 10 10 10 60 | 67.1 66.4 | 33.0 346 583
: : : 3 10 10 10 70 | 66.8 66.4  31.8 347 546
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addition a listening test was conducted which 5 10 10 20 60 66.1 669 31.5 349 542
confirmed that the improvements compared to using 6 1020 10 60| 657 664326 345 5.36
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only spectral similarity are significant. 3 10 10 30 668 66.1 318 341 | 526
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0 | | | | | Table 2.10 (Page 72): Top 10 combinations. The last line is the baseline using only
1 S} 9 1 5 9 spectral similarity. The first column is the rank. All values (other than the ranks) are
Rating Rating given in percent. Values marked with a line below and above are the highest accu-
Figure 2.38 (Page 85): Histogram and box plots of all ratings comparing G1 to G1C. racy achieved for the specific combination of similarity measure and collection.
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